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Fig.1 Flow chart of prediction of valve inlet water

temperature and cooling capacity evaluation
based on RF-BiLSTM hybrid model
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Fig.2 Flow chart of the RF algorithm
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Fig.4 Prediction model structure of inlet water tempe-
rature of valve cooling system based on RF-BiLSTM
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Fig.5 Importance analysis results of monitoring variables
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Table 2 Prediction results with different
structure parameters of BiLSTM network
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Fig.6 Prediction results under different timesteps
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Table 4 Comparison of prediction
results of different methods

500 1000

R Eyse/(C)? Epyse/C Eyae/C
ARMA 2.409 75 1.552 34 1.498 97
SVM 0.866 25 0.930 72 0.706 73
RF 0.433 57 0.658 46 0.512 72
BiLSTM 0.039 52 0.198 80 0.157 09
RF-BiLSTM 0.005 48 0.074 03 0.058 98
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Fig.8 Schematic diagram of the valve-side load and

the temperature difference between the inlet and
outlet water of the valve cooling system
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Table 5 The prediction results of the inlet valve water
temperature and cooling margin at the next step
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Low carbon scheduling of multi-energy system based on power to gas

combined with oxygen enriched combustion
WANG Can"?, LI Xinran', ZHAO Jihong’, TIAN Fuyin', CHU Sihu', WANG Aoqi'

(1. School of Electrical Engineering and New Energy, China Three Gorges University, Yichang 443002, China ;2. Hubei
Provincial Key Laboratory for Operation and Control of Cascaded Hydropower Station ( China Three Gorges University) ,
Yichang 443002, China ;3. Hunan Deli Electric Power Construction Group Co.,Ltd.,Changde 415009, China)
Abstract: Power to gas (P2G) technology realizes the mutual coupling of electric energy and natural gas, and plays an
important role in improving the economy of multi-energy system and reducing the carbon emissions of the system. In order to
solve the problem that the oxygen produced by electrolyzed water in the process of P2G conversion can not be fully utilized, A
multi-energy system optimal scheduling model is proposed based on the joint operation of P2G and oxygen enriched combustion
power plants. Firstly,the P2G process is divided into power to hydrogen process and methanation process. The oxygen generated
in the power to hydrogen process is delivered to oxygen enriched combustion power plant for use. Then,the CO, captured by the
oxygen enriched combustion power plant and the hydrogen generated during the power to hydrogen conversion process are used
as the raw materials for the methanation reaction,and the natural gas generated is supplied to the gas turbine unit for use, so as
to realize the full utilization of resources. Secondly, the joint operation model of P2G and oxygen enriched combustion power
plants is introduced into the multi-energy system,and a low carbon multi-energy system architecture based on the joint P2G and
oxygen enriched combustion power plants is built. Finally,a low-carbon economic scheduling model with the goal of minimizing
the operating cost of the multi-energy system is established and verified by setting up a scenario comparison. The simulation

results show that the proposed model effectively reduces the system cost and carbon emissions.
Keywords : power to gas (P2G) ; oxygen enriched combustion;carbon capture ; multi-energy system;low carbon optimization;

carbon trading
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Prediction of valve inlet water temperature and cooling evaluation of VSC-HVDC convert

valve cooling system based on random forest and bi-directional long short-term memory
TANG Wenhu', LIN Zekang', XIN Yanli*, ZHAO Wei', WU Liang®, JIN Jing’
(1. School of Electric Power Engineering, South China University of Technology , Guangzhou 510641, China;
2. School of Automation, Guangdong Polytechnic Normal University , Guangzhou 510665, China;
3. Shantou Power Supply Bureau of China Southern Power Grid Co.,Ltd.,Shantou 515000, China)

Abstract : In order to realize the intelligent prediction of valve inlet water temperature of a voltage sourced converter-high voltage
direct current ( VSC-HVDC) valve cooling system, a prediction model of inlet water temperature of VSC-HVDC based on a
hybrid model of the random forest (RF) and bi-directional long short-term memory ( BiLSTM) is proposed, and the cooling
capacity of the cooling system is evaluated on the basis of the proposed prediction model. Firstly,a RF algorithm is used to
analyze the importance of high-dimensional feature sets,which consist of all the monitoring variables of the valve cooling system.
Then the important characteristic parameters affecting the inlet water temperature are filtered out to form an input feature vector
with the historical inlet water temperature. Secondly, the feature vector is input to the developed BiLSTM prediction model to
train the model for accurately predicting inlet valve water temperature and quantitatively evaluating the cooling capacity.
Finally,a VSC-HVDC converter station in Guangdong power grid is taken as an example to verify the effectiveness and
superiority of the proposed method. Simulation results indicate that the accuracy of the proposed hybrid model based on RF-
BiLSTM is higher than that based on BiLSTM model, RF model, support vector machine (SVM) model and auto-regressive and
moving average ( ARMA ) model. Moreover, the cooling capacity is evaluated quantitatively and accurately. Analysis results
show that the cooling margin of this converter station is up to 98% , which indicates that there is a problem of overcooling and
energy waste. The evaluation result of the cooling capacity is well consistent with the field operation result of the converter
station, which confirms the effectiveness and the accuracy of the proposed method.

Keywords : voltage sourced converter-high voltage direct current (VSC-HVDC) convert valve cooling system ; machine learning;
random forest ( RF) algorithm; bi-directional long and short-term memory ( BiLSTM ) network ; valve water inlet temperature

prediction ; cooling capacity assessment

(48 FH)



