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Fig.2 Flow chart of pollution level identification
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Fig.4 Preprocessing results
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packet decomposition
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Fig.6 Wavelet packet energy spectrum
feature extraction process
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Fig.7 Three-layer wavelet packet
decomposition coefficient
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Table 1 The frequency range of each node
after wavelet packet decomposition
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Fig.8 Wavelet packet energy spectrum
features at four pollution levels
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Fig.10 The establishment process of pollution
level prediction model
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Fig.11 Feature extraction visualization results
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Fig.12 Model identification results
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Data quality evaluation of generator inertia identification based on prior variance
YE Hongbo', JIANG Yang®, CHEN Xuemei’, CUI Yong', YU Yue’, LU Chao’
(1. State Grid Shanghai Electric Power Company ,Shanghai 200122, China;
2. Department of Electrical Engineering, Tsinghua University, Beijing 100084, China;
3. Shanghai Electric Power Design Institute Co.,Ltd.,Shanghai 200025, China)

Abstract : Generator inertia is an essential parameter in the analysis of frequency characteristics of power system and its online
applications. The inertia of a generator can be identified in real time based on ambient active power and frequency signals
measured while the generator is in routine operation. However, due to data quality defects of field measurements , the results of
inertia identification are poor when applying existing algorithms to actual data. To solve this problem,the a priori variance of
inertia identification results is defined based on spectral analysis and system identification theory. The a priori variance is
calculated by three steps :reference system estimation, model parameter variance estimation and inertia variance estimation. The
segments of ambient data are evaluated and selected before identification, which improves the accuracy of inertia identification.
Data evaluation and selection results based on simulation data and field measurements verify the proposed method. The results
show that the data segments with smaller a priori variance have higher accuracy of inertia identification.

Keywords : ambient data;system identification ;actual data;generator inertia;data evaluation and selection;a priori variance
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Optimization and identification technology of hyperspectral spectral

features of insulator pollution levels
SHEN Long', QIAN Guochao', PENG Zhaoyu', LI Qianhui'*, YANG Kun®, MA Yutang'
(1. Electric Power Research Institute of Yunnan Power Grid Co.,Ltd.,Kunming 650217, China;

2. School of Electrical Engineering,Southwest Jiaotong University ,Chengdu 611756, China)
Abstract: To solve the problem of traditional pollution detection methods on the prevention and control of pollution flashover of
transmission line insulators, the non-contact and high-resolution hyperspectral technology is used to study the on-line pollution
detection technology. At the same time, an insulator pollution level identification technology based on wavelet packet energy
spectrum feature optimization is proposed to effectively extract the spectral features reflecting the pollution degree and weaken
the influence of redundancy and interference information. Firstly,the spectral images of insulator samples with different pollution
levels are segmented to extract the spectral mean curve of pixels in uniform pollution area. Secondly, the difference of light
intensity uniformity and environmental noise of different images are preprocessed, and the differentiability among different
pollution levels is improved by logarithmic transformation. Thirdly, the feature extraction of wavelet packet energy spectrum is
performed on the preprocessed spectral lines. Finally, a pollution level recognition model based on the proposed features and
support vector machines (SVM) is established. The experimental results show that the SVM pollution level recognition model
based on wavelet energy spectrum features achieves 99.8%, and it has higher recognition accuracy than full band data or
principal component analysis (PCA) feature data does.
Keywords : hyperspectral technology; insulator pollution level; wavelet packet energy spectrum; background segmentation;

support vector machine (SVM) ; principal component analysis (PCA)
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